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Introduction Results

Concern for the decline of wild bees has grown in the scientific
community, but few long-term monitoring studies are available to
model and track changes in the pollinator community (Goulson et al.
2015, Hallman et al 2017, Seibold et al. 2019, Didham 2020). Pan Trap (62.6%) Sweep Net (35.3%)
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bees collected per sampling event but not represent a real change in

IOca | bee ad b un d ance. Table 2. Predictor variables from Pan Trap and Sweep Net Fig 1. Predicted pan trap abundance with actual yearly averages Fig. 2. Predicted sweep net abundance with actual yearly
models, ranked from highest to lowest p-value to reflect embedded. Error bars represent S.E.M. The trendline is in blue, averages embedded. Error bars represent S.E.M. The trendline is
individual statistical significance. The deviance explained for and the shaded area is the 95% confidence interval. Data points in blue, and the shaded area is the 95% confidence interval. Data

Generalized Add|t|Ve Mixed MOdelS (GAM MS) dle a type Of regFESSiOH each model is beside the respective sample method. are bees per sampling event per study site. points are bees per sampling event per study site.
analysis thought to be well-suited for modelling insect abundance
over time (Zuur et al. 2007).
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The aim of this study was to use GAMMSs to model wild bee
abundance trends over time, while accounting for said environmental
variables and other random sampling variability.

Methods

Bees were sampled biweekly from thaw to frost, using pan traps and
sweep netting, from 2016 to 2023, at six sites in Plymouth County, MA
(Popic 2013).

Weather data was gathered from the database Visual Crossing.
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Individual models for pan trap and sweep net abundances were

created using R Statistics.
- Fig. 3. Linear regression for daily average temperature across Fig. 4 Contour plot of the interaction between daily avg. Fig. 5. Contour plot of the interaction between daily avg.
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: . ) i i Predicted pan trap abundance is represented by color. Predicted sweep net abundance is represented by color.
response variables. Predictor variables are listed in Table 1.
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Table 1. List of predictor variables used for pan trap and
sweep net models.
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